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Referring Expression Segmentation With Large-Scale Visual Language Model
and Diffusion Probabilistic Model in Household Tasks
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In this paper, we propose the Multimodal Diffusion Segmentation Model (MDSM), which generates a mask in
the first stage and refines it in the second stage. We introduce a crossmodal parallel feature extraction mechanism
and extend diffusion probabilistic models to handle crossmodal features. Our proposed MDSM surpasses that of

the baseline method by a large margin of +10.13 mean IoU.
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