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Automation and Execution of Fetch-and-Carry Tasks Based on Multi-Modal Language Processing
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In this paper, we address the Fetch-and-Carry with Object Grounding (FCOG) task, where a robot executes free-
form natural language instructions using visual information. We introduce a Multimodal Parallel Feature Extractor
for the language understanding model of the Object Location Retrieval task. We also propose a framework for fully
automating the simulation of free-form natural language instructions. Experimental results show that our method
outperformed the baseline method in the reference expression understanding task.
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