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In modern aging societies, the demand for assistance and support in daily life is increasing; however, there is a
feared shortage of home caregivers. Domestic Service Robots, which can be instructed in natural language by care
recipients, are gaining significant attention as a solution to improve convenience. In this study, we focus on the task
which involves generating segmentation masks of the target object from an image of the indoor environment and the
instruction sentence related to object manipulation. Existing methods are unable to handle referring expressions of
objects existing outside of the camera’s view. Therefore, we introduce Open-Vocabulary 3D Aggregator to obtain
open-vocabulary multimodal features about objects existing outside the camera’s field of view As a result, our
method outperformed the baseline methods on mloU, P@0.5 and P@0.7 in the OSMI-3D task.
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