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"Describe all important people and actions in the video." w
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"People are crossing the street and cars are turning at a
busy intersection in a business district."
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K1 254 Y FEREETHROERMLEHRIR

RyFw— FiE X5 X—%%¥ BLEUIY BLEU4f ROUGEt CIDErf METEOR! PAC-St T?::;ii? :;T
Proprietary
Gemini-1.5-Pro - 22.8 4.5 19.3 14.2 8.9 39.2 -
Fully open MLLMs
Video-ChatGPT 7B 14.8 2.4 25.0 9.9 10.6 39.4 35.2
VATEX Video-LLaVA B 67.3 24.5 44.9 37.7 19.6 40.8 28.4

LLaVA-OneVision 7B 60.6 17.6 41.5 39.2 21.2 42.0 17.2
Small MLLMs
InternVL2.5 2.2B 58.3 16.5 35.8 33.2 17.2 41.4 29.3
VideoLLaMA3 2B 56.8 17.5 42.2 36.9 24.0 43.0 29.7
Ours 3.6B 73.4 28.6 47.7 44.4 22.2 41.8 83.8
Proprietary
Gemini-1.5-Pro - 51.6 12.0 36.8 194 20.8 40.8 -
Fully open MLLMs
Video-ChatGPT 7B 56.3 14.4 424 17.8 24.8 39.4 38.1

MSR-VTT Video-LLaVA B 68.0 23.3 50.1 30.7 25.7 40.8 28.9
LLaVA-OneVision 7B 52.5 12.4 374 10.8 22.8 42.5 24.8
Small MLLMs
InternVL2.5 2.2B 69.7 19.1 43.0 32.0 22.2 41.0 31.5
VideoLLaMA3 2B 59.4 15.7 41.5 17.9 25.3 42.9 33.5
Ours 3.6B 68.1 23.6 50.6 27.3 27.0 40.1 95.4

(1) Lvision

B A man cleans a window with a squeegee while
ii
(i) y outside.

(iii) Ours A man is cleaning a window with a squeegee.

(iv) Intern The man sprays the window with a spray bottle.

VL2.5

(v) LLaVA- A man cleans a large glass window, focusing on

OneVision the lower section.

B 4 SEPERIRER
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¥y 7SvarviiRyg.

3.3 D (c) TIXREFED “A man is cleaning a win-

dow with a squeegee.” &1L, BIENO EERITE %
ELL KRB TETVWE I ERLTWVWS. —AT, (d)
@ InternVL2.5 DHJITIE, “The man sprays the window
with a spray bottle.” £ B H o TV A YK ZF 5T
Wk LTWad. 2512, (e) D LLaVA-OneVision 12 & %
F* v 7> 3 T, “A man cleans a large glass window,
focusing on the lower section.” ¥ feib XN TV 323, IR
WKIFBEPTHIIELR 2R L TE D, FEHORRIE
WBKHLNTWBZ e Bbh 5.
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KRS, SCHREIEEMBIEE TR AL 7L OB -
SR ORI AT =B IS T R OB EZIT 7200
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L= ay FOBRERZ T THMINZDDTHS.
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